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Introduction

When you write code, you often focus on whether it works, but rarely consider how efficiently it runs. Algorithm 

analysis examplesgive developers a clear view of the performance characteristics of their solutions. By

understanding the underlying time and space costs, you can make informed choices that scale with data size and

improve user experience. This article walks you through the fundamentals of algorithm analysis, presents concrete

examples across a variety of algorithm families, and offers practical guidance for evaluating and optimizing your

own code.

Why Algorithm Analysis Matters

In today’s data �driven world, applications routinely handle millions of records, real �time streams, or complex graphs.

A sub �optimal algorithm can turn a quick operation into a bottleneck, leading to slow response times or even system

crashes. Algorithm analysis lets you predict how changes in input size affect performance, identify hidden costs,

and compare alternative approaches. It is the language that bridges theoretical computer science and practical

software engineering.

Core Concepts of Algorithm Analysis

Time Complexity

Time complexity measures how the running time of an algorithm grows with the size of its input, usually denoted as 

n. It is expressed using Big O notation, which captures the upper bound of the growth rate while ignoring constant 

factors and lower �order terms. For example, an algorithm that performs a single operation for each element of an 

array has a time complexity of O(n).

Space Complexity

Space complexity quantifies the amount of memory required by an algorithm as a function of input size. Like time

complexity, it is expressed in Big O terms. Some algorithms trade additional memory for faster execution;

understanding this trade �off is essential when working in memory �constrained environments.

Big O Notation

Big O notation provides a high �level, asymptotic description of algorithm performance. Common classes include O(1)

 (constant), O(log n) (logarithmic), O(n) (linear), O(n log n) (linearithmic), O(n²) (quadratic), O(2 •) (exponential), 

and O(n!) (factorial). These categories help you quickly assess the scalability of an algorithm.

Average, Best, and Worst Cases

Some algorithms exhibit different performance depending on input characteristics. For instance, quicksort has an 

average time complexity of O(n log n) but can degrade to O(n²)in the worst case when the pivot selection is poor.

Always consider the worst �case scenario when designing systems that require strict performance guarantees.

Common Algorithm Families and Their Analysis



Sorting Algorithms

Bubble sort repeatedly steps through a list, compares adjacent items, and swaps them if they are in the wrong 

order. Its simplicity hides its inefficiency: in the worst case, it performs O(n²) comparisons and swaps. Best �case 

performance is O(n) when the list is already sorted.

Insertion sort builds the sorted array one element at a time by inserting each new element into its correct position. 

Like bubble sort, it has a worst �case time complexity of O(n²), but it performs well on nearly sorted data, achieving 

O(n) in the best case.

Merge sort is a classic divide �and �conquer algorithm that recursively splits the array, sorts each half, and merges 

them back together. It guarantees a time complexity of O(n log n) in all cases. Its space complexity is O(n)due to

the auxiliary array used during merging.

Quick sort chooses a pivot, partitions the array into elements less than and greater than the pivot, and recursively 

sorts the partitions. With a good pivot strategy, quick sort achieves an average time complexity of O(n log n) and a 

worst �case of O(n²). In practice, it is often faster than merge sort because of better cache locality.

Search Algorithms

Linear search scans each element in a list until it finds the target. Its time complexity is O(n), making it unsuitable

for large, unsorted datasets.

Binary search operates on sorted data by repeatedly dividing the search interval in half. It runs in O(log n)time,

offering a dramatic speedup over linear search for large arrays.

Graph Algorithms

DFS explores as far along each branch as possible before backtracking. Its time complexity is O(V + E), where V is 

the number of vertices and E the number of edges. Space complexity is also O(V) due to recursion or stack usage.

BFS visits nodes level by level, using a queue to keep track of frontier nodes. Its time and space complexities are 

both O(V + E) and O(V) respectively.

Dijkstra’s algorithm finds the shortest path from a source node to all other nodes in a weighted graph with 

non �negative edge weights. Using a binary heap, its time complexity is O((V + E) log V); with a Fibonacci heap, it 

improves to O(E + V log V) .

The Floyd–Warshall algorithm computes shortest paths between all pairs of nodes in a graph. Its time complexity is 

O(V³), making it suitable for dense graphs with a moderate number of vertices.

Dynamic Programming

A naive recursive Fibonacci implementation has exponential time complexity O(2 •). By storing intermediate results 

(memoization) or using iterative tabulation, dynamic programming reduces it to O(n) time and O(n) space.

The 0/1 knapsack problem can be solved using a two �dimensional DP table. Its time complexity is O(nW), where n 

is the number of items and W the capacity. Space complexity can be optimized to O(W)with a one �dimensional

array.

Greedy Algorithms

The activity selection problem chooses the maximum number of non �overlapping intervals. A simple greedy strategy 

that selects activities by earliest finish time achieves an optimal solution in O(n log n) time due to sorting.

Huffman coding builds an optimal prefix code for a set of symbols based on their frequencies. Using a priority 



queue, the algorithm runs in O(n log n)time and produces a compressed representation with minimal expected

code length.

Divide and Conquer

As mentioned earlier, merge sort exemplifies divide �and �conquer by splitting the array, recursively sorting each half, 

and merging. Its stable O(n log n) performance makes it a reliable choice for large datasets.

Binary search is another divide �and �conquer algorithm that halves the search space with each recursive or iterative 

step, achieving O(log n) time.

Detailed Algorithm Analysis Examples

Below are step �by �step analyses for selected algorithms, illustrating how to derive their time complexities and

evaluate their practical implications.

Bubble Sort Analysis

1.  Outer loop runs from 0 to n �1 (worst case).

2.  Inner loop runs from 0 to n �i �2 each iteration.

3.  Number of comparisons: :6“Ó�â��"�†â��’���’�Ò�â†â���’ó"à

4.  Resulting time complexity: O(n²).

Quick Sort Analysis (Average Case)

1.  Assume pivot divides the array roughly in half.

2.  Recurrence: T(n) = 2T(n/2) + O(n).

3.  Solving via Master Theorem yields T(n) = O(n log n).

4.  Worst case occurs when pivot is always the smallest or largest element, leading to T(n) = T(0) + T(n �1) + O(n) 

= O(n²).

Binary Search Analysis

1.  Each step halves the search interval.

2.  Number of steps: log ‚ n (rounded up).

3.  Time complexity: O(log n).

Dijkstra’s Algorithm (Binary Heap) Analysis

1.  Each vertex extraction from the heap takes O(log V).

2.  Each edge relaxation may perform a decrease �key operation, also O(log V).

3.  Total operations: O((V + E) log V).

Dynamic Programming for Fibonacci
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